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W Social Media Network Centrality Quiz

Assume you have an
Agent x Agent
retweeted-by network:
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Social Media Network Centrality Quiz

If network is binarized:

1. What does it mean to have
highest out-degree centrality?

2. In-degree centrality?

3. Total-degree centrality?

If network is weighted:
1. What does it mean to have
highest out-degree centrality?
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B Creating Meta-Networks from

GrouEs

e Drag and drop to load in
“Twitter_Politifact_politics_search.1528444945560.anonymized”

e Twitter data collected based on keywords from Politifact articles
%3 ORA3.08.9.87
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Meta-Network Manager 2 X
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gl Titter_Politifact_politics_search

oo Agent: size 9115

aooe Hashtag : size 307

oo Location : size 1

oo Tweet : size 10624

“$° Agent x Agent - Common Hashtags
©3° Agent x Agent - Mentioned-By
©3° Agent x Agent - Reciprocal

°3° Agentx Agent - Retweeted By
°3° Agent x Hashtag

°3° Agentx Tweet - Sender

*3$* Hashtag x Hashtag - Co-Occurrence
*3° Tweet x Agent - Mentions

*3° TweetxHashtag

*3° Tweetx Location

*3° Tweetx Tweet - Retweeted-By
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I Creating Meta-Networks from

GrouEs

e Let's say we want to see how different the Twitter report is if we
remove retweets.

e Several ways to do this, but we are going to now use groups:

73 ORA 309987

File Edit Preferences Data Generate Networks Analysis

Sl | 8 15 | & File Operations..

Meta-Network Mana S Matrix Algebra... |

M i Transf

838 Twitter_Poli
aoe Agent: s Meta-Network Sets... >
ana Hashtag Meta-Network Groups...

aco Location i
[ et : 5| [ Define and extract groups from a meta-network.|
°g° Agentx 4 (@ Meta-Network Anonymize.
°$* Agentx

| Attribute Value Tool
*$*® Agentx

*3° Agentx Change List Manager.

*3* Agentx - oo

3% agents esaurus Manager.

*3* Hashtag GeoSpatial Helper.

#3* Tweetx

#3* Tweetx Meta-Network >
- 237 Tweetx Modeset >
v S5 Tweetx

Network >
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B Creating Meta-Networks from

GrouEs

&8 Meta-Network Groups x

1. Select meta-network
to use to make others

2. Select what type of
b and // aspect to use to group

Create Groups

Select a grouping algorithm:

| |Attrbute value -

3. Select attribute
Create groups using nodesets:
et you want to group on

Select All | Clear Al

Connect group nodes using networks:

[ Tweet x Tweet - Retwested-5y

select Al | Clear Al
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“* Creating Meta-Networks from
Groups

. Selectrelated networks you
want to extract.

1. Select meta-network
subset you want to extract

BE Meta-Network Gylips X &2 Meta-Network Groups X
Select Gro Extra Nodes
Select one g/fnore groups to extract as new meta-netwrks, Only the largest groups with at least four nodes are: Select one of more network to extract with the group.
listed.
Select adjacent networks to include with the extracted groups. A link from an adjacent network is incuded if it
7 [Label ~ [Nodes ~ [lkCount  ~ [likSum  ~ [Dend Number of groups: conmects toa group node.
1 Jos53 lo ° o | a0 These ad des and Inks luded in th d d d
— ese adjacent nodes and ks are not incaded in the reported group size and density satisics
| <gank> [s771 [o lo Jo | Br
Triads: 0 ent x Tweet - Sender
begas 2 jeet x Agent - Mentions
Larger size groups: st xHashtag
o= 2 [ FeatxLocator
Min: 3771
Max: 6853
Average: 5312
Std.dev: 1541
Groups listed:

< >
[ select/Clear Al [] Select/Clear Visble 1/ 25elected, 2 / 2 Visible

= - <Back Next > Close Extract

eAsos 2. Click Next 4. Click Next

Select Al | Clear Al

<Back
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Groups

Meta-Network Manager 2 X agx

- 832 - Twitter_Politfact_politics_search
oo Agent: size 9115
oon Hashtag : size 307
+ oo Location : size 1
oo Tweet : size 10624
*3* Agent x Agent - Common Hashtags
~®§® Agent x Agent - Mentioned-By
*3° Agent x Agent - Redprocal
*3* Agentx Agent - Retweeted By
*3° Agent x Hashiag
*3* Agentx Tweet - Sender
~ %3® Hashtag x Hashtag - Co-Occurrence
*3° Twest x Agent - Mentions
*3* Tweetx Hashtag
~*3® Tweet x Location .
25* Zucat s Tucat Datucaiad Notice that only
witter_Politifact_politics_search IS_RETWEET =<Blank>
- aon Agent s sze 3963 networks that

oo Hashtag : size 307

Metanetwork | o 5o contain Tweets
eotis added| |5 T, p  2reoreated
subset is added =T Tucel Hahog "| (this is because

tO manaager *$*® Tweet x Location
g - %3* Tweetx Tweet - Retnested8y we grouped on

a Tweet
attribute)
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Recalculating Derived Data

.
If you want to recalculate derived networks off of the subset meta network:

T cutsen
Fie it

[r— ax B e netcrk o sttt o' computed o oter

A Sl b S st S B g “ 3. Select Twitter format

salors,

P etaHevarc Taniom. —

11Tt 2l Tobe reconputed. 28 Meta-Network Derived Dfta X
e dgtzg VEHeverc ] = Select meta-networks with the same format:
<00 ] et Hetvor G e 5 [ Select All Derived Data
¢ caon: ] £33 Tuitter_Politfact_politcs _search Select the data format of the fneta-networks and the operation.
T SRS o e LIV IRVY
q p Select the format fo the sefected meta-networks
% iz § ek y . e =1 of
v iter v
@ igntyg 11 eV Teo 1 Want Select the operation to perform on the networks:
i el e = Z

& ki 10— Tscct e cemes ot to e

o ity Tt

Derived Networks

) Geceil

e & recom

gent x Agent - Al Commurication ~

hest
T el J entx Agent - Comman Heshtags
B o pute gent x Agent -Common Hashtag
9 T = o \gent x Agent - Common Words
o e ; < . gent x Agent - Mentioned 5y
flrgirser ut ent x Agent - Quoted 5
ke 51 <Back Next > Close. Run < < @ v
e gntag 52 37 m \gent x Agent - Reciprocal
e otz
o gente Agent -Repied oy

har 2 - Se | eCt Agenfx Agent -Retwested By v

Select Al | Clear Al

@ Lecbstic
4 Tt o

Close Run

subset meta- / =

449 Tuee:Toeet-Ratveetdy o network / T
$ 5. Choose which derived
networks you want
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Recalculating Derived Data

22 ORA309987
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Al aalssse -

Meta-Network Manager # X aox

5-838- Twitter_Poitifact_politcs_search
oo Agent : size 9115

500 Hashtag : sze 307
500 Location: size 1
oo Tweet: sze 10624
48 Agent x Agent - Common Hashtags
#3* Agentx Agent - Mentioned-By
3* Agentx Agent - Recprocal
T* Agentx Agent - Retwestect By
©3° AgentxHashtag
3% Agentx Tweet - Sender
©3* Hashtag x Hashtag - Co-Ocaurrence
3* Tnestx Agent -Mentons
*T* ThestxHashtag
*3* TnestxLocaton
+ =
[ER:> e 3 Twiti=r_Poiiifact poiiics s

o0 Agent :size 3563
500 Hashtag : sze 307
505 Location : size 1

. oo Tweet: size 3771

Add|t|ona| *3° Agent x Agent - Al Commurication
©3° Agent x Agent - Common Hashtags

©3° Agent x Agent - Mentioned-By

networks w3+ hoomt gt Recprocd

<3+ st - Rennenct oy
1 *3° Agent x Hashtag

added! +3+ gt xLocaton-Sender Locaten

©0 Agent x Tiweet - Sender

©3° Hashtag x Hashtag - Co-Occurrence

©3* Tweetx Agent - Mentions

*3* TweetxHashtag

*3* TweetxLocation

©$9 Tueet xTweet - All Commurication

©3° TweetxTweet -Retweeted 8y
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Comparing Networks

.
e Run Twitter Report on two meta-networks:

— Analysis: Generate Report: Social Media: Twitter
— Select both meta networks
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Comparing Networks

e Report outputs

Analysis of Hashtags Notice that ORA is
letting you know
what might be

special to look at

‘Twitter_Politifact_politics_search Hashtags that occur in the most tweets (in-degree centrality)

© belor the e,

You can
see more

TEROY
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