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Event: Black Panther Release

e 3rd highest grossing film in US
e Most tweeted about film ever

¢ Hyped on social media for its
representation of African and
African-American actors and
creators
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Four False Stories on Twitter

1. Fake Attacks

BLACK PANTHER IS
_ : [] ANTI-IMMIGRATION
2. Fake Attacks — Satire O somonsr ke
[l PRO-WALL
3. Fake Scenes e -

[] ANTI-DIVERSITY

[] ETHNO-NATIONALIST \

4. Pro-Alt-Right [ ANTIREFUGEE

[l ANTI-DEMOCRACY
[l TRADITIONALIST

blackpantherisaltright
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Data Description

e Twitter API search (both rest and stream)
— by #BlackPanther
— by reference to false story posts

e Subsets by type of false story and by time

— we are going to concentrate on the Fake Attack posts and
reactions (retweets/replies)

— Feb 15 through Feb 17
— Total of 1869 Tweets including 60 Fake Attack origin tweets
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Exploring the data with ORA

Three Goals:
1. Find central actors

2. See how the message of these actors diffused over time.

3. Evaluate these diffusion pattern by comparing them to
what it is observed in synthetic networks.

Need to create Dynamic Meta-Networks in ORA:
1. Time slices

2. Cumulative
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ORA - Import Twitter Data
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Time Slices — Just Import
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Dynamics Measures — Quick Look
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Select Parameters
Selectthe measure calclaton parameters.

The meta-netiorks will be dentfied by date

® Only fost mecsures
O Centralty measures
Ocustom  Clck o slect

Geodesic measure optons:

Compute regular measures

] compute inverted measures.

<Back

Transform Aqgreqate
Measures Nodasets and Hetvirks
O Al measures

[ compute k-centraltty measures ith radius:

Dynamics Measures — Quick Look
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ynamics — Most Central Users
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Dynamics — Most Central Users

e Here we can
construct diffusion r
charts for the the :
different nodes in ‘
our network. ‘; ‘

o Let's see if we can ’ | P
replicate these e
patterns on a S
stylized network! :
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Time Slices — Merge
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Time Slices — Merge

| 88 Meta-Network Unic X £ Meta-Netwrk Union x
| Select the meta-networks to union Select nodesets and networks
out Select the meta-netvorks tounion from either those already loaded o fom a directory. then il
sy
Select Al Clear Al
- il Communicaton ~
o - Common Hashtags
s L - entionedBy L
- Quotec-by v
Select Al Clear Al
Ci hees | com Run ook | [ wets || clos Run

{ 5 Meta-Network Union X

Select a union method to run

| e T o S P R i o)
1| Rtamap Uin | 208 b e use.

{7k B} atmbute optons. Custom Atrbutes

Link values combine method: Sum values Y

Where should th union meta-network reslt go? L
(® dd the union to the meta-network manager
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Lets try to generate a similar
synthetic network!

®,

Qjﬂ.ﬁ 19 15

Carnegie Mellon

s

Synthetic Network

T
28 Core Periphe X
° The Way that TWltter records | gcrealea new meta-network with name: | Core Periphery f
- - Add to the existing meta-network: Union v
interactions makes networks it e modenetfor the mem et
look like stars. ® sastng: [pgent~ -
(O Create the nodesat:
¢ We can create a similar -
structure by using a Core T s .
Periphery generative process. s
Proportion of core nodes 0.003'3 ¢—
° We Choose a prOpOI‘tIOI’l Of Density of cora nodes 0505 <*—
core nodes similar to what we = 7
observed on our empirical
network. T
Core Periphery network
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Synthetic Network
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Diffusion of Ideas

e Lets run a diffusion of ideas
microsimulation on our S e
synthetic network.

e Lets determine 3 of our core
agents as seeds for the Tr— 8

Seletthe nodes that vl act a he sources oryour simiatin,

simulation. 2 ——ic
a
e In my case these are: =

— A1380255780119 St
— V1380256558086 L e —
~ S1380256229116 f

el <oak | hea>
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Diffusion of Ideas
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Diffusion of Ideas

e The overall diffusion is

s x|

orders of magnitude
below what we
observed!

e What could be the
reason for the ==
difference? 2/

e What synthetic network

would produce more

comparable results?
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Synthetic Network V2

ZE Scale Free X

Scale Free ~

() Create a new meta-network with name: |Scale Free

e Lets Generate a Scale Free Oy | A
Network, with a similar | seect the nodeset for the new network:
CE T —

number of hubs. vttt
o Probability thresholds are -

decided based on phase
transition values for the S:::;::j}':ﬂ"’;"jﬂ:ﬂ'jg:‘jjzm
emergence of a giant | i v count core) o2 — |
component for the pendant ey o) =y
nodes given the size of the
network.

w3

Network ID for the output:
Scale Free network

Create Close
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Synthetic Network V2
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Diffusion of Ideas V2

*2° Hetwork: Scale Free network # X

o
¢ Sort high to low by row sum And v O
e Lets select th hub agents. "=
ets select the our hub agents. =" Sotor i b omam e T T
e We can do it based on row —
. . []21380256525097 Select all row nodes o o
sums in our network view. F——
Select rows by sum (out-degree) o o
P I th . 7138025576116 ‘Show all row nodes 1 0
n my case these are: o
13802574051 Hide selected row nodes [ []
— R1380256383 1 1 1 4138025630101 [ )
[Ju3so2sesdsiie Delete selected row nodes 0 o
] 1138025660105 Merge selected row nodes 0 1
— Z 1 380 2565 25097 1380257279097 Create link value histogram ) )
[ 181380256418079 Create attributes from selected row nodes 0 0
— A13802564471 10 xi380256408095 2 o o o 0 o
] Lassoasesaonit 2 o o o o o
(] 71380255936114 27| 0 0 0 0 0
(] 2| o ) o o )
|[]11380257306097 26| 0 0 0 0 0
(] 2| 0 ) o 1 )
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a Contains | ¥
e z
[ Agent x Agent - Retweeted-8y . o .
Dhrgwe xsguc- sty & oo e :
() Agent x Agent - Replied-8y i Vita, CA_|13802567... |8 0
() Agent x Agent - All Communication o ehid The L...| N380256072... | 241 2
[ agentxAgent - Qusd oy - Vo varmma 302558 39 i
(] core Periphery network. o RI38025636... |19 0
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[Jselect/Clear Al [] Select/Clear Visible 3/
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Diffusion of Ideas V2

leasure values | Fast Fourier Transform  Change Detection Color Grid

0.850
0825
0.500
0775
0.750
0725
0.700
0.675
0.650
0625
0.600
0575
0.550
0525
0.500
0.475
0.450
0.425
0.400
0375
0.350

Value

0325
0.300
0.275
0.250
0.225
0.200
0.175
0.150
0.125
0.100
0.075
0.050
0.025
0.000
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